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Limited bandwidth in wireless network of mobile visual search. a survey
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Abstract; Combining techniques of mobile computing, image retrieval , wireless communications and In-
ternet, Mobile Visual Search (MVS) aims to provide a mobile image retrieval services for mobile terminal
user. Limited bandwidth in wireless network is the key factor to affect the MVS technical development
and application. The key technical of limited bandwidth in wireless network including low bit rate feature
code and transmission strategy was analyzed, specially for the Compact Descriptor for Visual Search of
MPEG-7. Moreover, future research direction and challenges of MVS are presented.
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